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Fig.1 Examples of target attributes: (left) OMRON
DB, (right) AR DB.
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Fig.3 An example of the spatial codebook: Each
block stands for face region, where a smaller

region in each block stands for a region to ex-
tract each spatial codeword.
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Algorithm 1 The spatial codebook based on the MEMO criteria
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Fig.4 An example of features for classifier inputs.
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Table 2 Search accuracies against various attributes.
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Table 4 Comparison between local and holistic
feature extraction.
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Table 5 Effectiveness of the MEMO criteria.
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