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Abstract In recent years, to support wheelchair users, there has been an increasing demand for a system to detect
wheelchair users from a surveillance video. However, since many pedestrians are often walking around wheelchair
users in a crowded scene, miss-detections easily occur when they are occluded in a frame. False detections also
easily occur since wheelchair users appear similar to pedestrians. We report on a method to detect wheelchair
users accurately from a video observing a crowded scene. The proposed method integrates multi-frames features
of wheelchair-user candidates, which enables to detect wheelchair users accurately that cannot be detected with-
out false detections from a single frame. As a result of an experiment, the proposed method achieved the highest
accuracy compared with other methods.
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