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Generative Learning for Image Recognition

HIROSHI MURASE!

This paper describes a generative learning method for image recognition. Generally, an
input pattern is normalized in the preprocessing stage of a recognition system to cope with
the deformation of the pattern. In contrast, our generative learning method synthesizes the
learning patterns by image generation techniques such as adding noise, interpolation, gener-
ating function. This method can improve the recognition accuracy even if we have a small
number of learning samples. This paper introduces several examples that authors applied in
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their recognition systems so far.
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Fig.1 An example that is difficult to preprocess.
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Fig.2 Adding deformation to the learning patterns in the
subspace method.
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Fig.3 Deformation matrix.
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Fig.4 Experimental results when using a deformation
matrix.
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learning.
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Fig.9 Recognition results vs. a number of frames.
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Fig.12 Interpolation among learning patterns in the

feature space.
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